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A &84 28F0E (O) AFEH|N (classification, detection, segmentation &)

Single-label multi-class classification Multi-label classification

O Running
O Swimming

Image segmentation Object detection
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1 AHE Z2f| )} A (framework): TensorFlow, Keras, PyTorch &
(] AH2 OF7| &l X (architecture): XHA| 74 OF7|EIN = APMSHE R E 7|HEO 2 TOIE U(O| M| EH)
AMZI ALY OF7 | ENA

XEH) 7H OFFI=A| CIA| (CNN & Of7| =K

MaxPooling > Normalization

Layer Layer

X E o= 2Ot Convolution Layer O M= O|0|X|2| & X (feature)& F=5t11, MaxPooling Layer O M=

. Ex5k912| ofA|: OB OO
o 1 = o - L= H 7
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ResNet
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(Gll) YOLOv8 O| 23t Object Detection / Instance Segmentation A E HIO|EHE &&AI7] E2

train/box_loss train/seg_loss train/cls_loss train/dfl_loss metrics/precision(B) metrics/recall(B) metrics/precision(M) metrics/recall(M)
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(Gll)y 37H2| label (Dog, Cat, Fish) Oi CH3dH,

st 25 0RE 20 1000 7H2| HAE HO[E 0 LS Multi-Class Classification Off Ciot &5 X[ &
Class Precision Recall F1 score
Dog 30.8% 66.7% 42.1%
Cat 66.7% 20.0% 30.8%
Fish 66.7% 66.7% 66.7%




